H214 5 1) L/ QRS AL Vol. 21 No. 1
202241 1 Software Guide Jan. 2022

HRMERREN=A—FLEHIEIIES

HOE,RETF,R OB, NFE R, wmA

(Mo RFEEAFEESR, Hd ki 410082)

W E.xFP, W TRl MEREE: MERA RSN S FATROA RS, AN A FELEMAEZE
$FR A E R, E R A A kiR R SR R R AR KT kiR SR B RRJE 2 ) 6 R B A A
REFIBRRFRINREZZF KNS LABEERFHIN—HREIE, R d TLZKRA ST TR TAH K
SRR Z Mk K THRAETHA R, BFIRTRARMAEERFERTEZOB X, AL TR F A6
FIFER, FRLALEREN, BT EARIRA L FRAMNGERES A 99% 5 92%, et AR B E K.
B AN REIAFT,FABREEA3A%, AN Z T S AR T AR M T AR
WMEFHWEF I

KER:FERD,FHIMNRESR I ML F

DOI:10.11907/rjdk.212194 FHMFE(FRERS )RR (O0SID):
FESEES G434 SCREARIZAG : A X EHS:1672-7800(2022)001-0001-08

Learning Assistant Platform Integrating Three Key Elements for Smart Class

XIAO Zheng, ZHU Jing—yu, SONG Chao, LIU Xiao—yan, WEI Peng—cheng
(College of Computer Science and Electronic Engineering , Hunan University, Changsha 410082, China)

Abstract: In educational environments, as knowledge points are interrelated, a bunch of negative effects emerges without timely revi-
sion. Confusions will be accumulated and learning efficiency gets lower, so it is essential for student to solve their questions in time.
Therefore analyze three key elements by up—to—date Al and deep learning technology, fully considering the subtle impact on knowl-
edge digestion subjected to students’ concentration, teaching quality and knowledge comprehension hardness. Integrating the implica-
tion of the three key elements above, self learning materials are generated and recommended considering students’ personality, inter-
ests and habits, so as to acquire the knowledge efficiently and effectively through stylization. The experimental results show that the ac-
curacy of text recognition is up to 92% and face recognition reaches 99% , which meet project requirements. Through survey in our uni-
versity after tentative application of our platform, the average satisfaction rate is up to 83.4%. Students thought that the recommended
materials were in accordance with their confusions and easy to accept.
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Fig.1 Framework of learning assistant platform integrating three key elements
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Fig.2 Technology framework of Smart Class
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Fig. 3 Static facial expression recognition model
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Table 2 Big data storage platform configuration
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Table 3 Blackboard detection experimental results
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Table 4 Text recognition experimental results
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CRNN MJ+ST 0.816 0.931 0911 0.886
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GRCNN MJ+ST 0.837 0.935 0.909 0.894
Rosetta MJ+ST 0.847 0.934 0.909 0.897
Four-sta STR ~ MJ+ST 0.875 0.949 0.936 0.92
Our Model MJ+ST 0.896 0.947 0.95 0.93
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Table 5 Results of student questionnaire survey
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